
 

  

 1  

Syllabus 

[cmcd.economia@fgv.br] 
 

Course:  Applied Microeconometrics I 
Professors:  
 

 2018 THIRD QUARTER 

PROGRAM 

This course is the first part of a sequence of two courses that presents the econometric methods for 
impact evaluation. It discusses the literature of identification and estimation of treatment effects. The 
first part discusses the problem of causal inference, the use of randomized experiments, and the 
methods of selection on observables. It discusses theoretically the methods and presents 
applications with Brazilian data.   
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