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This course provides an introduction to modern macroeconometrics using Bayesian techniques. We will
discuss the estimation, inference, and evaluation of Bayesian vector autoregressive models (BVARs) and
linearized dynamic stochastic general equilibrium (DSGE) models. Therefore, the course discusses the
computation of the likelihood via the Kalman filter and posterior simulation via standard Markov Chain
Monte Carlo (MCMC) methods. The course will present some theoretical foundations of Bayesian
estimation and focus on applications and implementation issues in macroeconomics.

Previous knowledge of time-series econometrics and advanced macroeconomic theory on DSGE models
is required. In the applications, some basic knowledge of programming is necessary.

Most applications related to BVARSs will the done in MATLAB, while the ones related to DSGE will use
Dynare. Some of the classes will include lab sessions where students will have the opportunity to estimate
BVARs and small-scale DSGE models.
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GRADING

Problem sets (50%)
Paper replication (50%)
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DETAILED PROGRAM

1 Introduction to Bayesian econometrics

2 Introduction to Bayesian econometrics

3 Monte Carlo methods

4 Reduced-form BVAR: Prior and Likelihood
5 Reduced-form BVAR: Monte carlo

6 Structural BVAR

7 State-Space models

8 DSGE and state-space models

9 DSGE: Prior and Likelihood

10 | DSGE: estimating via Metropolis-Hastings
11 | DSGE: estimating via Metropolis-Hastings
12 | Dynare

13 | DSGE: convergence diagnostics and model evaluation
14 | DSGE-VAR methodology




